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WHAT IS TEXT ANNOTATION?

@ Q O 9 © Reviews [ Quality check

E] Text Input Q Q} Objects(6)  Tags(4)

- Ifyou blend fruits every day like me, you definitely need this blender. Don't
know what | would do without it.

- The package arrived damaged. Too bad because | was excited to try it.

 Assigning labels to a text document or different o T,
elementS Of itS Content omance: s - My granddaughter is happy, I'm happy. Highly recommended!

- I'm @ huge fan of smoothies and I'm using this travel blender every dav at

the office and now everyone wants one. Blends the ingredients to .
What is the customer

perfection. Can't recommend this enough. i
sentiments?

° Use Of annotated data to train Al models - Let me start by saying that if you make smoothies everyday, you
absolutely need this product. | dreaded washing my large blender evt
day but this one takes a minute to clean. Plus, it blends everythingso  Choose a sentiment
perfectly! Get one, you won't regret it for sure,

° Goal : Help the maChine underStand the natu ral - Loving this maybe too much! But how can you not? It's soeasytomi  Positive
I a n gu a g e Of h u m a n S smoothies on the go now. Plus, it blended the fruits perfectly.

- Don't trust the reviews. The blender literally started burning ofter 2 usages.
I'm getting a refund.

- This is the 3rd travel blender that I've tried and it's okayish. That's why I've
given it 3.5/5.

- First, the package took forever to arrive, then when it did, it was domaged.
That's a BIG no for me. Returned.

- The blender is convenient if you drink smoothies every day, but the
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Different Types of Automatic Text Annotation
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tate was among the top 100 Al companies, and top 3 Named entity recognition

i yein (NER)
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‘Jane is going to the store to buy some milk.” Part-of-speech tagging

@ O O 2 e -
~ o RO
- Coreference
“SuperAnnotate was among the top 100 Al companies, and top 3 resolution(relationship
annotation companies according to CB insights in 2021. This was a annotation)

major motivation for the company.
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Different Types of Automatic Text Annotation

Sentiment annotation named entity linking (NEL)

@O0 9 @0 v

v SR %

“After hours of waiting in line, | finally got to ride the rollercoaster. The

adrenaline rush and sense of accomplishment made me feel ecstatic” “Paris is the Capital of France”

(positive)

"| was disappointed when | didn't get the job | had applied for, feeling
disheartened and unsure about my future career prospects." Wikipedia.org/wiki/Paris

(negative)

wikipedia.org/wiki/France
“As | took a bite of the warm apple pie, memories of my grandmother

flooded my mind. | felt and bitt S
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TEXT CLASSIFICATION

« Using Text Annotation for HS and Discrimination Detection

Toxic Comments

Anotated Comments

Defamation

"The government should Text Annotation "The government should
completely ignore the middle east System completely ignore the middle east
and let the middle easterners kill and let the middle easterners kill
q each other" each other"
\\—/_\
\j
Do S
Target Group : i 9 p:
predict e train  pMenace: No
Menace Text Classification System -

Defamation: No

Category

T test

Input Toxic
Comment

Category: Nationality
(Middle East)
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WHY IS IT HATE SPEECH!? MASKED RATIONALE
PREDICTION FOR EXPLAINABLE HATE SPEECH DETECTION

No. Model Example sentence and Rationale Label

Case 1 Explicit hate speech

1 Human imagine unironically believing the high iq - meme HS
BERT-MRP imagine un ##iro ##nical ##ly believing the high iq l f#itke me ##me HS
BERT-RP  imagine un ##iro ##nical ##ly believing the high iq l E me ##me HS
BERT-HX imagine un ##iro ##nical ##ly believing the high iq l - me ##me HS

5]

Human <user> ffs these are ignorant‘ like HS

BERT-MRP <user> ff ##s these ghetto [l jare ignorant like crack ##er mountain hill ##bill ##ies  HS
BERT-RP  <user> ff ##s these ghetto [l are ignorant like crack ##er mountain hill ##bill ##ies  HS
BERT-HX  <user> ff ##s these - blacks are ignorant like crack ##er mountain hill ##bill ##ies  HS

Case 2 Implicit hate speech

3 Human  yah SNSRI N N N I NN O I O HS
BERT-MRP ya ##h christian island republic shall not [¥iNe [N [l of Witehes on it if we find any HSHHH HS

BERT-RP  ya ##h christian island republic shall not Ve [l il of WileheS on it if we find any death HS
BERT-HX  ya##h - island republic shall not have queer ##s or witches on it if we find any death NO
4 Human you .._-_::_- HS
BERT-MRP you can not culturally en ##rich a .-- HS
BERT-RP  you - not culturally en ##rich a mo ##sle ##m NO
BERT-HX  you can not culturally en ##rich I mo #isle ##m NO
5 Human <user> he is infected with - he will spread it to others HS
BERT-MRP <user> he is infected with -. virus he will spread it to others HS
BERT-RP  <user> he is {M with -. virus he will spread it to others HS
BERT-HX  <user> he is infected with virus he will spread it to others OF
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A DEEP NEURAL NETWORK BASED MULTI TASK
LEARNING APPROACH TO HATE SPEECH DETECTION

* Hate

« Offensive
* Racism
« Sexism

» Aggression
» Overtly aggressive(OAQG)
» Covertly aggressive (CAQG)

* Harassment

). Explicit attack towards individual (El)
i) Explicit attack towards group (EG)

li). Implicit attack towards individual (Il)
iv). Implicit attack towards groups (1G)

(lass Type Sentence

Offensive I “@JasminePore: If you dressed up as a cat for Halloween you are basic." ..or a pussy

Offensive I “@chieflottahoes: In D.C, we call them rollers, in Chiraq we call them thots.” All across America they have been known as a h'e.
Offensive l “@YoungRicooo: Happy birthday b**ch n**ga @WexicanAfro702" Thanks pal

Offensive El @SimplyHype: @kobebryant shut the f**k up, you f**king trash ni**a, work on another ring; http://t.co/6RIeNKR7EE
Offensive EG RT @AthleteChamp: Destroying a team that talked trash before the game,

Offensive EG RT @BadAdviceDog: r u african because ur african b***h

Offensive IG ;@RudePost: A new breed of white girl... https://t.co/0Zsu3zQiXD; she slammed that b**ch;

Offensive IG @Weakass_Drex: If Jennifer Hudson can lose weight anybody can you fat a*s h'es!!!

Harassment I @benshapiro You're on a roll today Ben! Obama can't even act like a good Christian let alone lecture the Jews!
Harassment I SOMEONE F****NG HIRE @lindsaylohan AS THEIR SPIN DOCTOR PLZ

Harassment El RT @IrishDude10: Go back to prison you f***ing n**ger #Mayweather

Harassment El @Bambi_cop Untag you f*****g ni**er

Harassment EG RT @TrapHouseMario: White people literally Be like “ I'm not racist you f***ing Ni**er”

Harassment EG @GORBtheOTHER The Jews are the masterminds idiot

Harassment IG RT @janimine: Diversity is a code word for #WhiteGenocide https://t.co/A28ASFSGR4

Harassment IG @AmancioHitler I said “a glass of juice” not “gas the Jews"!!

CAG I Anna hazare is agent

CAG I Anirban Kundu So you are the pesticide

(AG El Anna is a “Natak Raja" !!

CAG El So that Modi doesnt have to campaign separately... Feku and his never ending gimmicks

(CAG EG Also try to stop violence from communists

(AG EG Judiciary system of India.......???7227?

CAG IG The Great Powers should avoid such dangerous inhuman dramas to happen in the society.. . it creates bad results on one's health
(AG IG Well first of all municipal corporation need to keep cows off the streets. Its cows owner's responsibility.
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ETHOS: A MULTI LABEL
DATASET

Does this comment contains hate speech? (required)

0 Yes
No

Does this comment incites violence? (required)

O Yes
No

Is this comment targeting a specific individual (directed)
or a group/class of people (generalized)? (required)

© Directed
Generalized

Which category of hate speech is it? (required)
~ Gender
Race
National Origin
Disability
Religion
Sexual Orientation

HATE

Hate speech detection
system with binary
information

SPEECH DETECTION

Wish you cut your veins. Don’t shout out you have mental problems.
Act. Cut them;

Hate speech detection
system with multilabel
information

Wish you cut your veins. Don’t shout out you have mental problems.
Act. Cut them;

(IF]o7=) (S Hate Speech 87% [ Incites Violence 92% Directed 100% [ Disability 100%

® Uisab

0 Gender & Directad
® Relgicn ® Generalzed
® Race

© National Origin @ Violence

@ Saxual Orentation ® NotVicence
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Classifier using

[ Finding Multiple
Literature Review

RESEARCH OUTLINES

* Alm Of the PrOJeCt Text Classification }_~‘ Detect HS E ( Baseline )
; Results

* Main Areas of Applications B — | 1

* Double Directions

v" Knowledge Graph embedding techniques

v' Developing a Demonstrator

—d

E Generate
—
; Improvement

Knowledge Graph J
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A COLLABORATIVE EDITOR

» Collaboration
* Text Annotation Editor Annotativo
o0 Lorem ipsum dolor sit amet, consectetur adipiscing elit. Fusce commodo faucibus tellus pellentesque porttitor. In sit amet consectetur lorem, et maximus purus. Integer at lacus auctor, imperdiet felis id,
L4 Text E d | t | n g - s abitur at posuere felis. In semper lectus in est luctus, ut hendrerit dui accumsan. Proin tincidunt non eros id vestibulum. Nunc id congue arcu. Nam
c eros. Phasellus venenatis sollicitudin feugiat. Sed maximus et sapien a pretium. Nullam aliquet iaculis eros sed ornare. Donec bibendum ex
scelerisque tellus pulvinar rhoncus vitae sit amet tellus.
[}

Intuitive and Easy to Use

Age

F N
sabil | meonionn | s | o | msronars
Disability

J I_arguwe Selezione il file da caricare per 'annotazione (solamente il formato .txt & disponibile)
Choose File | No file chosen

Nationality m

Ethnicity v

] Cancel
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OUR IMPLEMENTATION SO FAR!

CLASSICAL APPROACH

SVM
DT
LR

MNB

GB

Accuracy

64.00%
63.20%
64.80%
64.80%

65.20%

F1_score

0.52
0.62
0.54
0.56

0.61

DL APPROACH

example_text = "i am so glad i was born in the west
preprocessed_text = clean(example_text) # Apply preprocessing steps

# Convert the preprocessed text to padded sequence
sequence = tokenizer.texts to_sequences([preprocessed_text])
padded_sequence = pad_sequences(sequence, maxlen=max_sequence_length)

# Load the trained model
# Load the model architecture and weights

model = load_model('C:/Users/Occhipinti/Desktop/PhD unimi/codes/workspace/models/modelGN+CNN+ATT.h5")

# Make prediction
prediction = model.predict(padded_sequence)

predicted_label = "Hate speech" if prediction > 0.5 else "Not Hate Speech”

print("Predicted Label:", predicted_label)

1/1 [ ] - os 159ms/step
Predicted Label: Hate speech

example_text = "Nietzsche was a fraud who couldn't account for the rate of a receding hairline"
preprocessed_text = clean(example_text) # Apply preprocessing steps

# Convert the preprocessed text to padded sequence
sequence = tokenizer.texts_to_sequences([preprocessed_text])
padded_sequence = pad_sequences(sequence, maxlen=max_sequence_length)

# Load the trained model
# Load the model architecture and weights

model = load_model('C:/Users/Occhipinti/Desktop/PhD unimi/codes/workspace/models/modelGN+CNN+ATT.h5")

# Make prediction
prediction = model.predict(padded_sequence)
predicted_label = "Hate speech" if prediction > 0.5 else "Not Hate Speech”

print("Predicted Label:", predicted_label)

1/1 [ ] - os 8éms/step
Predicted Label: Hate speech
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RESEARCH QUESTIONS AND FURTHER STEPS

What annotators do:

What Machine learns:

> W DN

Does the text contain any form of discrimination?

Does the text show menace?
Does the text show defamation?
Is the text targeting a specific individual or social
groups?
How does the text categorize individuals and social
groups) by resorting to factors of discrimination?
O Age
D Caste D EtthIty
O Sex O Gender identity
Q Disability O Religious beliefs
Q Language O Sexual orientation
Q Nationality L Social Classes

'l am so glad | was born in the west."”

1.Discrimination, 2. No menace, 3.

‘the mentally ill should be kept away from the general
population to prevent violence against therm”

1.Discrimination, 2. Menace,

3. No defamation, 4. General,
5. Disability

‘Wwomen shouldn't be on screen more than 30 minutes
aaay”

1.Discrimination, 2. No menace,

3. No defamation, 4. General, 5. Gender
identity
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Moving Forward... INTERESCTIONALITY
and the Proxy

= Does the text simultaneously interlace two or more
factors of discrimination?

= Which are the additional elements or individual
qualities that might have a role in categorize
individuals and social group?

= How the text negatively impact on individuals and
social groups?

= Beyond words, what is the role of stereotypes and
how machines make use of them?

intersectionality

[in-ter- sek-sha-'na-le-t€]

ability oo

sexual
orientation

gender
To [=121414Y;
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WHAT DO WE AIM TO ACHIEVE!

= Data on the severity of non-inclusive
language in written texts by making use of

“NOME" in light of discriminatory words

and stereotypical expressions 1. How Machines

Discriminates

= Definition of strategies to cope with non-
inclusiveness in written texts developing :> BUT (also)

additional functions of NOME

= Three levels of analysis: 2. How Can Al be used to

% detection of discriminatory words Tackle di T
% detection of stereotypical expressions ackle aiscrimination

% detection of hate speech and language
forms of incitement to violence and hatread
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THANK YOU FOR
YOUR ATTENTION!
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